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Experimental study on atmospheric infrasound signal recognition

using SVM and ANN
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Abstract: Aiming at the problem that the signal extracted from infrasound station monitoring data by short
term averaging/long term averaging (STA/LTA) algorithm still contained noise, preliminary experimental stud-
ies were made on the machine learning method of support vector machine and artificial neural network. A
method of wavelet packet decomposition was used to reconstruct the signals, and the energy characteristics were
extracted from them. The methods were analyzed to improve the recognition ability. The experimental results
showed that the recognition ability of the two methods can be improved to an acceptable level by optimizing
the model structure such as the training data set was small.
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