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Ocean acoustic sensitive region diagnose and adaptive observation
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Abstract As the traditional acoustic environment observation is not targeted, and hard to be applied in
some times, how to utilize the limited observation resource to obtain valuable data and improve the observation
efficiency is an urgent problem to be solved. This paper presents the concept of ocean acoustic sensitive region
diagnose and adaptive observation, the related research progress is introduced. According to this research, we
can greatly improve the traditional observation system design, enhance the observation network construction
efficiency and with the location reference of the sensitive region, construct mobile supplementary observation
system and command system. Accordingly, new oceanic observation pattern can be built up, which can provide
valid observation data to decrease the uncertainty in the underwater acoustic environment.
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